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ABSTRACT

An index improves the speed of data retrieval
operations on a table. Index Management
includes Creation, insertion, deletion &
Updation. Reducing the access time of index
even for more number of transactions will be
our objective. Algorithms efficiency fell down
when the index updation is occurring in the
existing literature. Managing index is a tough
task when the size of database increases. We are
organizing clusters using disjoint set theory and
a ranking algorithm. It will improve the
performance of querying.
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1. INTRODUCTION

Association rule mining discovers correlations
among data items in a transactional database D.
Each transaction in D is a set of data items.
Association rules are usually represented in the
form A— B, where A and B are item sets, i.e.,
sets of data items. Item sets are characterized by
their frequency of occurrence in D, which is
called support. Research activity usually focuses
on defining efficient algorithms for item set
extraction, which represents the most
computationally intensive knowledge extraction
task in association rule mining [2]. The data to
be analyzed is usually stored into binary files,
possibly extracted from a DBMS. Most
algorithms [2], [3], [4], [5], [6], [7]. [8] exploit
ad hoc main memory data structures to
efficiently extract item sets from a flat file.
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Recently, disk-based extraction algorithms have
been proposed to support the extraction from
large data sets [7], [9], [10], but still dealing
with data stored in flat files. To reduce the
computational cost of item set extraction,
different constraints may be enforced [11], [12],
[13], [14], among which the most simple is the
support constraint, which enforces a threshold
on the minimum support of the extracted item
sets. Relational DBMSs exploit indices, which
are ad hoc data structures, to enhance query
performance and support the execution of
complex queries. In this paper, we propose a
similar approach to support data mining queries.
The IMine index (Item set-Mine index) is a
novel data structure that provides a compact and
complete representation of transactional data
supporting efficient item set extraction from a
relational DBMS.

2. DATA ACCESS METHODS

The existing three data Access methods [1] to
load from the IMine index the following
projections of the original database:

1) Frequent-item based projection, to support
projection-based algorithms (e.g., FP-growth
[3D.

2) Support-based projection, to support level
based (e.g., APRIORI [1]), and array-based
(e.g., LCM v.2 [15]) algorithms.

3) Item-based projection, to load all
transactions where a specific item occurs,
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enabling constraint enforcement during the
extraction process.

The existing methods support minimum support
of index updation. Index updation can’t be
incremental in the survey.

3. PROPOSED ALGORITHM

In this section we discussed the algorithm that
rectifies the problem which is encountered in
the existing system.

Stepl: Find out the mostly accessed data with
reference to the table.

Step2: Frame separate set which are accessed
frequently.

Step3: Check for intersection of subsets such
that commonly accessed elements should not be
present.

Step4: determine the Rank based on cardinality
of the sets.

Step5: Repeat Stepl to 3 till all the data items
are iterated.

4. EXPERIMENTAL RESULTS

Table 1.1 illustrates the representation of item
sets. Table 1.2 depicts the frequently accessed
items from Table 1.1. Table 1.3 describes our
set Ranking algorithm on the available item
sets. Results of Table 1.1, 1.2 and 1.3 are
summarizing the Fig.1 which implies the
updation ratio clearly.
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Table 1.2 Frequent sample

ITEMS ID

No. Of Times Accessed

{A 1}

{B, C}

{D, F}
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{K, P}

RNl W| &




International Conference on Emerging Technology Trends (ICETT) 2011
Proceedings published by International Journal of Computer Applications® (IJCA)

Table 1.3 Rank Calculations

ITEMS ID No. Of Times Accessed Rank
{D, F} 5 1
{A, 1} 4 2
{B, C} 3 3

{E, G, H, J} 2 4
{K, P} 1 5

Fig.1- Comparison
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updation time as the tradeoff.
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